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Defining Ethics



A Formal Definition — Cambridge Dictionary

Ethics

the study of what is morally right and wrong, or a
set of beliefs about what is morally right and wrong.




Does it need to be difficult?

Figure 1: Two mokeys are paid an unequal reward - Frans De Waal / TED — Brosnan and
De Waal, 2003



Al Dilemma: Kill/Save the Baby or Old Person?

(A) steer right and kill the baby
(B) steer left and kill the old person



The Al version of the Trolley Problem

A

Figure 2: source: Science — Bonnefon, Shariff, and Rahwan, 2016

Should we veer and kill the person on the pavement?


https://www.science.org/doi/10.1126/science.aaf2654

Is it ethical to remove the house of a squirrel to build your house?

(A) it is ethically acceptable to remove a tree that houses a squirrel to build your house
(B) it is not ethically acceptable to remove the tree



Is it ethical for an alien society to invade earth?

Imagine a society that is bil-
lions of years more advanced
than us. They want to make
earth their home. Is that eth-
ically acceptable for you?

(A) yes — we accept to be
culled

(B) no — we resit
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What is ethically acceptable depends on your viewpoint

Figure 3: Ethics is complex and it depends on your point of reference and you frame.




Defining Artificial Intelligence




A Definition of Al

( )\

Artificial Intelligence

A cross-disciplinary approach to understanding, modelling, and replicating intelli-
gence and cognitive processes by invoking various computational, mathematical,
logical, mechanical, and even biological principles and devices. —Brundage, 2015

& J
or ...
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Al in Britannica.com

the ability of a digital computer or computer-controlled robot
to perform tasks commonly associated with intelligent beings




Defining Al Leaves Simple Questions Open

e What is exactly Intelligence?
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Example: Insurance Onboarding




Car Insurance Claims Data

The data contains

e driving related:
e average daily travel
e professional or private use
e living in urban or city area

e car related:
e type of car (eg. minivan, sports

car, sedan, etc.)

e age of the car

e behaviour on our books:
e time with us
e old claims

e driver related:

2 has driver's licence been revoked 17
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Car Insurance Claims Data

The data contains

e driving related: ... but also contains
e average daily travel o related to gender and family:
e professional or private use 5 e G [ e Fae
e living in urban or city area e single parent or not
e car related: e marital status
e type of car (eg. minivan, sports e gender
car, sedan, etc.) e education and profession
e age of the car o education
e behaviour on our books: e occupation
e time with us o wealth related:

e old claims
e value of the car

e driver related: e value of the home

2 has driver's licence been revoked These are the “protected features”

- - ’ -
a manalqvy rnAnte Al Ariviar e llcranm~a
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The cost of being politically corr

naive model, no protected features -
protected features not used in m2
data re-weighted for AGE.<.30

additive counter-factual model

079 0.81

AUC

Figure 4: The discriminating power of different models. The higher the AUC, the stronger the

model, the lower the losses on the portfolio, the higher profit (or lower prices) can be.
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How to avoid bias? Two alternatives

young men

use all data strong model ¢ have less
chances
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How to avoid bias? Two alternatives
N

use all data

r

use only
acceptable
data or

de-bias

N

strong model

weaker model

 young men
have less
chances

more
expensive
insurance
and more

accidents
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Further Ethical Conundrums




Al Governance & Ethical Horizons

Informed
Consent
Safeguarding
Data &
P Autonomy

Y.

Al and Ethics
Anti-
Monopoly
Societal
Horizons &
Agency
Alignment &
Lethal e
decides?
Agency

Moral Status

Fairness
Accountability
Algorithms:
FATE Transparency
Explainability
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Conclusions




Visual Bias 1

(A) This is a cement pole with a pyramid on top

(B) This is a hollow cement pole (the shadow is inside the pole) o1



Visual Bias 2

(A) A and B are the same shade of grey

(B) the area B is a lighter shade of grey than A -



Fairness is a matter of perspective

Figure 5: Fairness is a matter of perspective
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Figure 5: Fairness is a matter of perspective
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Conclusions
‘ Innate ethical intuitions are insufficient for Al. ‘
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Conclusions

Innate ethical intuitions are insufficient for Al.

Perspective Subjectivity: Ethical stance depends on perspective.

Judgment Context: Morality requires context-sensitive judgment.

Trade-offs Balance: Ethical decision-making involves trade-offs

You have an individual and non-transferable responsibil-

Responsibility i+
ity.
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Thank you for your attention!

handouts Connect on LinkedIn
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